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Abstract
Households that send members to work away from home often receive information about the lifestyles and consumption behaviors in those migration destinations (i.e., social remittances) along with money or goods (i.e., economic remittances). The authors
investigate the effect of having a migrant household member on household brand expenditures in rural India, a market characterized by substantial consumption of unbranded products. They collect and analyze household-level survey data from 434 households across 30 villages using an instrumental variable strategy. Economic remittances result in greater brand expenditure, and
this level is higher for poorer households. After controlling for economic remittances, the authors ﬁnd that the effect of migration
on brand expenditures is more positive for households in more populous villages, with greater access to mobile phones, lower
viewership of television media, and less recently departed migrants. They demonstrate how marketing resource allocation across
villages can be improved by incorporating migration data and provide insights for household targeting in the context of door-todoor selling in villages. The results are robust to alternative, public policy–based instruments and can be generalized to expenditure on private schools. Using additional survey data from 300 households in 62 new villages, the authors replicate the results by
comparing within-households brand expenditures before and after the migration event.
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In developing economies, as much as 60% of total consumer
expenditure is allocated to unbranded products (Sheth, Sinha,
and Shah 2016). A Credit Suisse Research Institute survey of
14,000 consumers from the largest developing economies
ﬁnds that unbranded product consumption dominates in
several categories; for instance, it constitutes 80% of total expenditure on apparel and jewelry (Kersley and Bhatti 2017). Rural
consumers drive these statistics as they lack brand knowledge
and brand access, and because they prefer to produce goods
for their own consumption instead of buying them (Sheth
2011). In this article, we study how rural consumers shift their
expenditure toward branded consumption as a result of a prevalent phenomenon in rural communities: out-migration of household members into new and more urbanized areas.
Marketers are interested in understanding drivers of brand
consumption among rural households. A major priority of
brand marketers in developing markets is to persuade consumers to shift consumption away from widely available and relatively inexpensive unbranded products and toward branded

products (Mishra 2013). Brand marketers cannot simply rely
on the expectation that the share of unbranded products will
organically decrease over time as incomes rise (Singhi, Jain,
and Puri 2015), as there is evidence of an increasing share of
unbranded products over time in categories such as tea (Food
and Agriculture Organization of the United Nations 2010).
Marketers would beneﬁt from proactively identifying and targeting households most amenable to consuming branded products. Despite the high prevalence of, and interest in, the
consumption of unbranded products in developing markets,
there is little academic research on its determinants.
We study the effect of sending a migrant to urban centers in
search of better employment opportunities on the brand consumption of rural households. We focus on migration as a
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determinant of brand consumption for two reasons. First, rural
out-migration is a major global socioeconomic phenomenon. In
India, where our study is set, there are an estimated 450
million internal migrants (De 2019). Second, economic migration
is a unique shock to a rural household’s consumption possibilities
in that it combines monetary transfers to a household with exposure to novel lifestyles, aspirations, and consumption behaviors.
In light of this, we suggest that migration can affect brand
expenditure through (at least) two distinct pathways. First,
migrants who obtain better economic opportunities might send
money or goods in kind to the sending household. “Economic
remittances,” or transfers from the migrant to the sending household in cash or goods, are a measure of the level of success of
migration. They can increase the household’s ability to pursue
status-enhancing consumption. Concurrently, migration leads to
the transmission of information on lifestyles, aspirations, and
behaviors prevalent in new areas to migrant-sending households
(Lindstrom and Muñoz-Franco 2005). This form of information
diffusion, termed “social remittances” by Levitt (1998), can
affect consumption patterns in sending communities (Solari 2019).
We examine several moderators of the economic and social
impacts of migration on brand expenditure. These derive from
the literatures of migration, consumer socialization, branding,
and the role of technology in shaping outcomes of rural households. Considering the economic impact of migration, we estimate the extent to which economic remittances affect brand
expenditure, and how this effect is moderated by the income of
the migrant-sending household. Considering the social impact
of migration, we study how the sending household’s ownership
of mobile phones, viewing of television media, and recency of
the migration event moderate the impact of migration on brand
expenditure. We also estimate the moderating effect of village
infrastructure and residual migration effects (pertaining to migration costs, for example). To assess robustness, we explore
whether these effects of migration extend to “branded” services
(in particular, expenditure on private schools).
Designing an appropriate test of our predictions was a major
challenge. Scanner panel data, or transaction records typical of
developed markets, are not collected in developing markets.
Brand expenditure levels are not available from publicly available household surveys conducted by government organizations.1 In light of these challenges, in 2019, we partnered with
Kantar India, a division of the Kantar Group, to collect survey
data on expenditure from 403 households with and without
migrant members, across 19 villages in India’s most populous
state. For causal inference, we use an instrumental variable
approach within a regression framework. Our main instrument
for the migrant-sending status of the focal household is the
migrant-sending status of the two households in the same
village who are located farthest from the focal household. We
replicate our ﬁndings using different data from 300 additional

1
For experimental research, monetary incentives would have to be unfeasibly
high to persuade members of some households to migrate, and even then, the
assignment of the migration “treatment” would not be randomized.
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rural households that compare household expenditures before
and after the migration event.
We ﬁnd that economic remittances have a positive and signiﬁcant impact on household consumption of branded products,
and that the impact is greater for poorer households. Migration
has a signiﬁcantly greater impact for households that own
mobile phones—devices that enable regular communication
with the migrant and thus the transmission of social remittances.
Furthermore, migration has a signiﬁcantly smaller impact for
households that own televisions (which serve as a substitute
to social remittances for exposing households to brands) and
for households that sent migrants more recently. Finally, migration has a signiﬁcantly greater impact on households located in
more populous villages, where the retail infrastructure is better
developed and branded products are available.
To the best of our knowledge, this is the ﬁrst article to
investigate how migration affects brand consumption of
migrant-sending households. Our work relates to recent
research in marketing that has studied how consumption
behavior changes with the economic situations of consumers.
This literature ﬁnds that during difﬁcult economic times,
consumers downgrade from national brands to cheaper
private labels (Lamey et al. 2007), decrease expenditure on
more-publicly-consumed products (Kamakura and Du 2012),
and select less variety (Karlson et al. 2015). We contribute to
this literature by studying the impact of migration, a novel
source of economic and social change (Chandy and
Narasimhan 2015), on brand expenditure, a novel aspect of consumption. We investigate poor consumers in a large market
(rural India; population: 800 million) that has not been
studied in the marketing literature.
Our study also contributes to a stream of research in development economics that investigates socioeconomic outcomes for
migrant-sending households. Of the studies we review, 69%
ﬁnd positive effects of migration on income or expenditure of
various types (e.g., Bryan, Chaudhury, and Mobarak 2014;
Garlick, Leibbrandt, and Levinsohn 2016), and 31% ﬁnd negative or null effects (e.g., Brown and Leeves 2007; Gibson,
McKenzie, and Stillman 2011; Mahapatro et al. 2017). These
studies are summarized in Table 1. The mixed evidence suggests
that migration outcomes are heterogeneous: migration is not
always immediately successful in improving economic livelihoods (Gibson, McKenzie, and Stillman 2011). However, these
individual studies have not closely analyzed potential dimensions
of heterogeneity in migration impact. Our study therefore extends
this research by explicitly investigating moderators of migration
effects. To the best of our knowledge, we are also the ﬁrst to consider both social and economic remittance effects of migration.
Finally, our model and ﬁndings have practical implications
for brand marketers allocating marketing resources in large
developing economies, such as across the 650,000 villages of
India. We demonstrate how marketers can use migration data
to better allocate sales force effort across villages of similar population, household income, and so on. We provide numerical
estimates of the improvement in allocation performance as
brand expenditure predictions become more accurate with the
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Table 1. A Review of the Literature on the Effect of Migration on Sending Households.
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incorporation of migration data. In addition, we consider the
within-village resource allocation problem for door-to-door
sales agents. We create a dashboard that estimates migration
effects for 20 identiﬁable consumer segments in rural India. It
illustrates substantial heterogeneity across households in their
propensity to consume brands, implying that the 20 identiﬁable
segments require differing levels of sales efforts if targeted.

Conceptual Framework and Hypotheses
We propose six hypotheses about the impact of migration on the
brand expenditure of migrant-sending households (“sending
households” hereinafter). Our outcomes of interest are the
total household expenditure on branded products (brand expenditure) and the share of total household expenditure that goes to
branded products (brand share). Increasing brand expenditure
by households is a primary objective for brand managers
because it directly corresponds to greater revenue for the ﬁrm.
Moreover, an increase in brand share indicates shifted household preferences toward branded products, as it implies that
brand expenditure increases disproportionately more than total
household expenditure.

The Impact of Economic Remittances
“Economic remittances” refer to transfers of money or products
in kind from the migrant to the sending household. For many
migrants in developing economies, sending substantial economic remittances is a central goal of their migration experience
(Stark and Lucas 1988).
Do greater economic remittances result in greater brand expenditure
and brand share by sending households?. The literature documents
several competing uses of economic remittances that represent
either basic necessities or investments in the household’s
stock of human and physical capital: education of children
(Yang 2008), health care (Mahapatro et al. 2017), housing
(Adams and Cuecuecha 2010), modern farming technology
(Mendola 2008), food and nonfood expenditures (Bryan,
Choudhary, and Mobarak 2014), consumer durables
(De Brauw and Rozelle 2008), and more capital-intensive
forms of entrepreneurship (Yang 2008). In addition, economic
remittances could also be used for repayment of debt, savings
for major life events, and income diversiﬁcation (Pan et al.
2020). In contrast to these uses of economic remittances,
brand expenditure may be viewed as wasteful, especially
when cheaper nonbranded substitutes are widely available.
That said, in their study of the poorest households in the
world, Banerjee and Duﬂo (2007) argue that these households
spend a surprising amount on nonessentials. Although
the authors do not measure brand expenditure, they document
signiﬁcant expenditure on weddings, religious festivals, and
intoxicants that serve in part to enhance their social status in
their community. In a similar way, households may spend economic remittances on branded products to leverage their statusenhancing effects, which are well-documented in developed
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markets (Leclerc, Hsee, and Nunes 2005). In addition, because
brand consumption is less common in developing economies, it
is perhaps even more likely to signal and enhance status than
in developed markets. Consumers increase the share of their
expenditure on status-enhancing products during economic
expansions (Kamakura and Du 2012). Conversely, during difﬁcult economic times, consumers in the developed world are
known to downgrade from national brands to cheaper private
labels (Lamey et al. 2007). It follows that as the economic conditions of the household improves due to economic remittances, it
may upgrade by spending more on brands. Furthermore, households that receive greater remittances might be able to afford
those brands, which they could not afford otherwise. Higher
income is associated with lower price sensitivity even in developing markets (Narayan, Rao, and Sudhir 2015). These insights
from the migration and marketing literature streams suggest
that brands (and their associated status signals) may become a
spending priority for poor households when they receive economic remittances. Thus, we test the following hypothesis:
H1: Greater economic remittances by the migrant result in
greater brand expenditure and brand share by sending
households.
Moderating effect of household income (excluding economic
remittances). The status-enhancing beneﬁt of brands might be
less appealing to richer households that have greater access to
other means of communicating status (Jaikumar and Sarin
2015), such as education, land ownership, and professional
titles. Moreover, brands that have penetrated rural markets of
developing economies are typically not luxury brands but “affordable” brands that have limited status-signaling value to richer
households in the village. Finally, poorer consumers are known
to be more status conscious (Van Kempen 2007), which is
another reason why they might spend more on brands for statusenhancing beneﬁts than richer consumers. Therefore, we expect a
negative moderating effect of household income.2 Formally:
H2: The positive effect of economic remittances on brand
expenditure and brand share is weaker for households with
higher income.

The Impact of Social Remittances
Next, we consider how migration can affect the brand expenditure of sending households even after accounting for the impact
of economic remittances. Research in economics on the consequences of migration has focused on economic remittances to
sending households. Indeed, it is not uncommon for researchers
2

Another reason for a negative moderating effect of income might be that rich
households already consume as many branded products as they desire. However,
the average monthly household income in the top quartile of our sample is
14,962 Rs. (US$204), which would put them in the middle-income bracket
nationally. In addition, brand share is just 31% even in the top quartile, suggesting potential for growth.

Narayan and Kankanhalli
to use the level of economic remittances as a summary measure
of all consequences of migration (e.g., Mohanty, Dubey, and
Parida 2014). However, a more recent and emerging stream of
research in sociology and other related disciplines, starting with
Levitt (1998), has emphasized the social and cultural impact of
migration through intangible transfers. “Social remittances,” or
the ﬂow of values, ideas, behaviors, and practices between
migrants and sending communities through proximate contacts
or long-distance interactions, are less observable and quantiﬁable
than economic remittances (Irina and Triandafyllidou 2017). Yet,
these remittances can generate social, cultural, and behavioral
changes in sending communities, including changes in values
and lifestyles (Suksomboon 2008).
For example, increased communication and bonding between
Cubans living in Cuba and those who migrated to the United
States led to “American-style consumerism” and conspicuous
consumption in Cuba (Eckstein 2010, p. 1658). In an ethnographic study of female migrants in India, Mukherjee and
Rayaprol (2019) ﬁnd that social remittances effectively inﬂuence
lifestyles in sending communities, partly because of the migrants’
greater social status and knowledge. Importantly, social remittances encourage sending communities to adopt the behavior of
migrants and others in the migrant destination. In our context,
we expect that social remittances will positively inﬂuence
sending households to consume brands. Beyond affordability,
rural subsistence consumers face several constraints to purchasing novel products, such as low consumer/marketplace literacy
and uncertainty around product quality. Social remittances from
migrant family members could directly remove these constraints
for branded products, in a similar way that messages from inﬂuencers on social media platforms and marketplace training programs help (Viswanathan et al. 2021; Zhang, Chintagunta, and
Kalwani 2021).3
We note that social remittances can impact brand expenditure
even without receipt of monetary remittances. This occurs when a
part of household income (excluding monetary remittances) is
used for increasing brand expenditure as household preferences
toward branded products change. Therefore, to establish the presence and effect of social remittances, we present some theoretical
determinants of social remittances and test if they indeed moderate the effect of sending a migrant member on brand expenditure,
after the effect of economic remittances is accounted for.4 We lay
out these moderating hypotheses in detail next.
Moderating effect of owning mobile phones. We ﬁrst consider
how a mobile phone may inﬂuence the transmission of social
remittances. Nearly three-fourths of rural Indian households
have a mobile phone (Raja 2019). With negligible demand for
landline services and lower mobile call tariffs than developed
economies, mobile phones are the predominant technology for
3
It is possible that social remittances lead to lower brand expenditure. This
could happen if migrants discourage family members from consuming brands,
for instance, if migrants’ own experiences with brands do not meet expectations.
4
The economic impact of migration can also be conceptualized as the fraction
of monetary remittances that is put toward brand expenditure.
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communication between sending rural households in developing
economies and their migrants (Datta and Mishra 2011).
We view the sending household’s ownership of mobile phones
as a key determinant of the social remittances they receive.
Indeed, qualitative studies of migration in poor communities
have characterized mobile phones as critical for regular transmission of social remittances between migrants and family members,
relative to letters and family visits (Mukherjee and Rayapol 2019;
Parrenas 2001). In our context, sending households with mobile
phones are likely to communicate more frequently with their
migrants, thus increasing the likelihood and quantity of social
remittances. Consequently, we propose the following:
H3: After controlling for economic remittances, the effect of
migration on brand expenditure and brand share is stronger
for sending households with mobile phones.
Moderating effect of television media viewing. We next consider
how media might moderate the effect of migration after controlling for economic remittances and income. We argue that TV
viewership serves as a substitute for social remittances relating
to brand consumption.
As a ﬁrst step, we review the Indian TV media industry.
Sixty-six percent of households own a TV, with a majority of
these households in rural areas. TV is the most favored advertising medium for the branded consumer packaged goods industry,
with TV advertising accounting for an estimated 61% of industry ad spend (Dentsu Aegis Network 2020). The majority of
rural Indian consumers watch TV at least once a week,
usually with other family members or other members of the
village community. Moreover, low data quality, speed, and
high cost of access (in some states) make mobile phones the
less preferred medium for viewing video content in rural India
relative to TV (Gupta 2017), though this might change in the
future as internet access becomes cheaper.
Research in developed markets has established the importance
of TV as an important force shaping consumer behavior. TV
viewing exposes viewers to images, accounts, and stories of
life that are somewhat removed from viewers’ daily experiences
and social milieu. This increases consumers’ aspiration for products, services, and lifestyles featured on TV (O’Guinn and Shrum
1997). TV viewing has been associated with greater material
values such as increased happiness with purchasing more products and greater admiration of people who own expensive products (Shrum, Burroughs, and Rindﬂeisch 2005). So, TV viewing
affects not just consumers’ attitudes but also their expenditure
and consumption behavior. Closer to our context, Johnson
(2001) ﬁnds that the inﬂuence of TV on rural Indian consumers
is most noticeable in their commitment to modern consumerist
lifestyles and their propensity to model behavior based on
urban lifestyles (the phenomenon of “urban modeling”). “TV
shows us what is good to buy” is a pertinent example of a consumer response from Johnson (2001, p. 152).
Thus, households viewing more TV are more likely to be
introduced to the offerings of more developed markets (e.g.,
urban Indian markets) such as brand names, advertising for
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brands, contexts for consuming brands, functional beneﬁts of
brands over unbranded versions, and the social status conferred
by brands. On the one hand, when households are already familiar with brand consumption from their TV viewing, migrants
may not perceive it as an interesting topic worth communicating
about. Moreover, even if migrants do communicate about consumption practices at their destination, these practices may be
less novel for TV-viewing rural households. On the other
hand, for a household that does not own a TV set and rarely
watches TV, their migrant might be one of the few, if not
only, credible sources of information about consumption practices outside their village. Thus, TV viewing should negatively affect the quantity and efﬁcacy of social remittances.
Consequently, we propose the following:
H4: After controlling for economic remittances, the effect of
migration on brand expenditure and brand share is stronger
for sending households that view less TV media.
Moderating effect of recency of migration. Next, we consider how
the time elapsed since the migrant left the household (i.e., the
recency of migration) moderates the effect of migration on
brand expenditure. A migrant who has recently moved to a
large city, is living out of their savings, and is unfamiliar with
urban retailing formats (e.g., air-conditioned malls, supermarkets, hypermarkets) is less likely to have awareness about
branded products than a migrant who has had sufﬁcient time
to explore the new market offerings of the city. Moreover, as
time elapses, we also expect migrants to develop more favorable
opinions of these new market offerings, as they are able to experience novel products for themselves and become acclimated to
the consumption culture at their destinations. Consequently, we
expect social remittances regarding branded products to be low
at ﬁrst but to increase over time. Therefore, we propose the
following:
H5: After controlling for economic remittances, the effect of
migration on brand expenditure and brand share is stronger
for households that have sent migrants less recently.
Moderating effect of village retail infrastructure. Our moderators
have thus far focused on demand-side inﬂuences. In addition,
in villages where branded products are more available for purchase, households have greater opportunity to act on social and
economic remittances. In lieu of direct measures of village
retail infrastructure, which are not available to researchers, we
proxy for these with village population. More populous villages
are visited more frequently by the sales force of the brand manufacturer and are more likely to have distribution points for
branded products (e.g., rural “stockists” and distributors in
India) situated in close proximity. More populous villages also
have a greater number of physical retail outlets. For example,
in a village with 500 people, only a few small mom-and-pop
stores might be ﬁnancially viable. A village with 50,000 people
is more likely to offer a wider variety of brands, across several
product categories and different price points. This results in

brands being more easily available in more populous villages.5
Drawing on this discussion, we propose the following:
H6: The effect of migration on brand expenditure and brand
share is stronger for sending households in more populous
villages.
Our full conceptual framework is illustrated in Figure 1. Next,
we present our data.

Study 1
Data and Sample
We collected data from 403 households from 19 villages in India’s
most populous state, Uttar Pradesh (population of 235 million in
2021; 78% rural; per capita annual gross domestic product of
about $1,200; majority of households engaged in agriculture).
As a comparison, Uttar Pradesh has approximately the same
land area as the United Kingdom, with three times its population.
Along with Kantar, we identiﬁed six districts to ensure adequate
geographical spread. Within each district, Kantar sampled three
to four villages, such that (1) there was substantial variation in
the populations of the sampled villages (villages in our sample
have populations ranging from 1,000 to 4,200) and (2) the
sampled villages were at different distances from the district headquarters, with at least one village in each district located greater
than 50 km (31 miles) from the district headquarters.
Following Indian census rules, a migrant was deﬁned
as someone who spends at least three months a year away
from home. To ensure sufﬁcient variation in the time since the
migrant left the village and to ensure adequate ability to
compare sending households with a control group, we adopted
a stratiﬁed sampling approach. We randomly sampled households from each of three strata: (1) households with no migrant
member (n = 125), (2) more recent migrant-sending households
(i.e., households with at least one migrant member who left the
village 3–12 months before the date of the survey [n = 146]),
and (3) less recent migrant-sending households (i.e., households
with at least one migrant member who left the village over 12
months prior to the survey [n = 132]). This led to a ﬁnal
sample size of 403 households. Web Appendix 1 provides
details on how we implemented the stratiﬁed sampling approach.
Kantar ﬁeld personnel administered the survey in a four-week
period starting November 1, 2019.
Each respondent provided information on the number of
migrants in their household (if any), reason for migration of
each migrant, duration since the migrant left the household
(3–12 months or longer), and the average monthly amount of
remittances received (if any) since the migrant’s departure.
Of all 278 sending households, 256 received remittances in
cash or in kind in the past 12 months. All migrants migrated
5

Brand-carrying retail outlets might make households more aware of brands but
might not persuade and convince households of their value in the same way a
migrant who has sampled brands does, or the way TV advertisements do.
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Figure 1. Impact of migration on brand expenditure and brand share of migrant-sending households.
a

The sum of the interaction effects of migration with ownership of TV, ownership of mobile phone, and the recency of migration is identiﬁed as the social
remittance effect.

either “in search of employment” (n = 215) or to “take up
employment which has already been secured” (n = 63).
In addition to migrating behavior and demographics, each
respondent provided data on typical monthly household expenditures on different categories of food and nonfood products.
Crucially, each respondent also provided data on typical
monthly household expenditures on brands (as opposed to
unbranded variants) for these food and nonfood categories.
When asking about branded expenditure, we deﬁned a brand as
a “name, term, design, symbol, or any other feature that identiﬁes
one seller’s good or service as distinct from those of other sellers,”
in accordance with the American Marketing Association’s deﬁnition (https://www.ama.org/topics/branding/). Expenditure on
brands included expenditure on store brands and private labels.
For each village, Kantar ﬁeld personnel conﬁrmed that brands
were available in all product categories, local brands had greater
availability than national brands, and unbranded products were
always priced lower than branded products within a category.
Details of the survey and the questionnaire appear in Web
Appendix 1. To ensure the validity of our expenditure measures,
we tested whether respondents could distinguish between
branded and unbranded versions of the same product and surveyed retail stores frequented by a random subsample of respondents to conﬁrm recall-based expenditure measures. Further details
of these and other veriﬁcation steps appear in Web Appendix 2.
In addition, for each household, Kantar ﬁeld personnel identiﬁed the two households that lived at the shortest distance (i.e.,
were physically closest) from the focal household at the time of
the survey. We use this to construct our main instrumental variable. Finally, we record the typical monthly household expenditure on their children’s private school fees and government
school fees.

Measures and Summary Statistics
As previously discussed, we employ two measures of brand
consumption at the household level for our dependent variables:
the stated monthly household expenditure on all branded products (brand expenditure) and the proportion of household
expenditure on products that is spent on branded products
(brand share). We also estimate the effect of migration on
expenditure on unbranded products to assess the extent to
which the migration effects we estimate are unique to brand
expenditure. In other words, we aim to show that unbranded
expenditure does not exhibit the same pattern of results.
Migranti represents the migration status of household i (1 if it
has a migrant member, 0 otherwise). This is the measure of
migration status most commonly employed in the literature.
Other measures are the monthly economic remittance received
by the sending household (including the monetary value of
remittances received in kind) Econ Remiti and the recency of
migration Recenti , deﬁned as 0 if the migrant departed the
sending household 3–12 months before the survey (i.e., more
recent), and 1 if the migrant departed over 12 months prior
(i.e., less recent). Data on the speciﬁc month when the
migrant departed is not available to us. Recency of migration
is a key moderator. Among other moderators, we measure viewership of TV media (TVi ) simply in terms of whether household
i owns a TV (TVi = 1) or not (TVi = 0). This measure has the
advantage of being at the household level. Other studies
employ city- or market-speciﬁc measures of TV viewing.
Data on the amount of TV content consumption are unavailable
at the household level. Similarly, we construct the measure
Mobilei , which is deﬁned as whether household i owns a
mobile phone (Mobilei = 1) or not (Mobilei = 0). In addition,
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Table 2. Summary Statistics of Each Stratiﬁed Sample of Study 1.
Households
Not Sending
Migrant

Households
Sending More
Recent Migrant

Households
Sending Less
Recent Migrant

All Households

Variable

Mean

SD

Mean

SD

Mean

SD

Mean

SD

Monthly expenditure on branded products (Rs.)
Monthly expenditure on unbranded products (Rs.)
Brand Share
Econ_Remiti
Sizei
Childi
HH_Incomei
TVi
Mobilei
Village_Popi
Number of Households

1,406
3,190
.24
N.A.
4.96
1.79
8,504
.70
.87
2,532

2,631
2,232
.26
N.A.
2.23
1.41
3,468
.46
.34
970

1,165
4,180
.19
1,365
5.82
1.98
10,092
.58
.91
2,517

1,779
2,187
.21
1,595
2.47
1.40
3,775
.49
.29
980

3,662
3,078
.40
1,597
5.63
1.77
10,542
.53
.89
2,558

6,960
1,917
.31
1,786
2.41
1.43
4,923
.50
.31
927

2,058
3,512
.28
1,475a
5.49
1.85
9,747
.60
.89
2,535

4,509
2,172
.28
1,689
2.40
1.42
4,181
.49
.31
958

125

146

132

403

a

Based on 278 households that sent a migrant.
Notes: Village_Popi: the population (in thousands) of the village in which the household resides; HH_Incomei is the monthly household income in thousands of
rupees; N.A. = not applicable.

we control for household size, income, and the number of children in the household.
Key summary statistics appear in Table 2. On average, only
28% of product expenditure by a household is on brands,
which leaves much scope for growth through efforts by marketers. Sending households receive an average of 1,475 Rs. (US$20)
per month as economic remittances, which is roughly a ﬁfth of
their monthly income excluding remittances. Households that
have sent migrants more recently spend less on branded products,
and more on unbranded products, than households that have not
sent a migrant. However, households that sent a migrant at least a
year back spend more on branded products (both in absolute
terms and in brand share) than households that have not sent a
migrant. Other summary statistics and model-free evidence supporting our hypotheses appear in Web Appendix 3. Next, we
discuss how we establish a causal link between migration and
our measures of brand consumption and separately identify the
effects of economic and social remittances.

Empirical Strategy and Identiﬁcation
Our starting point for testing our hypotheses is the following
ordinary least squares (OLS) regression model (Equation 1)
for each of the three dependent variables of interest (brand
expenditure, brand share and unbranded expenditure).
yi = β0 + β1 Migranti + β2 HH Incomei + β3 TVi + β4 Mobilei
+ β5 Migranti × Econ Remiti + β6 Migranti
× Econ Remiti × HH Incomei + β7 Migranti
× Mobilei + β8 Migranti × TVi + β9 Migranti × Recenti
+ β10 Migranti × Village Popi + β11 Migranti
′

× HH Incomei + xi γ + ϑv + ϵi ,
(1)

where Migranti (1 if household i has sent a migrant, 0 otherwise) is
our primary measure of migration status. The next six interaction
terms correspond to our six hypotheses. Because economic remittances are not relevant for households not sending migrants, we
interact economic remittances with the migration indicator. The
coefﬁcient of Migranti × Econ Remiti captures the main effect
of economic remittances (H1). For households that have not sent
migrants, both Migranti and Migranti × Econ Remiti are 0. For
sending households that do not receive economic remittances,
Migranti × Econ Remiti is 0 but Migranti is 1. So, the
effect of sending a nonremitting migrant is identiﬁed. To
understand how monthly household income (HH Incomei )
moderates the effect of economic remittances (H2), we
interact Migranti × Econ Remiti with HH Incomei . Having
controlled for the effect of economic remittances, we move
on to social remittances (H3–H5). The coefﬁcients of
Migranti × Mobilei , Migranti × TVi , and Migranti ×
Recenti capture the moderating effects of ownership of
mobile phones (H3), access to TV media (H4), and the recency
of migration (H5). Finally, to understand the effect of retail infrastructure of the village in which the household resides (H6), we
interact Migranti with village population (Village Popi ).
Subsequently, we control for Migranti × HH Incomei so that
the effect of Migranti × Econ Remiti × HH Incomei is not
confounded.
The control variables in our model (captured by the vector xi )
include Sizei , the number of household members excluding the
migrant, and Childi , a dummy variable measuring whether the
household has any children. Larger households might be more
price sensitive and spend less on branded products or spend on
bulk packs, which are less likely to be branded. For the same
household size, a household with children might spend less on
brands because brands targeted speciﬁcally at children may be
less commonly available in developing rural markets. We also
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control for the main effects of access to TV media, access to
mobile phones, and household income. We expect all of these
variables to positively affect brand expenditure and brand
share. Finally, to control for factors that might affect brand expenditure across villages (e.g., variations in distribution intensity),
we include village-speciﬁc ﬁxed effects, ϑv . We estimate this
OLS regression model separately for all three dependent variables. OLS regression models offer better in-sample predictive
power for our data than Tobit models or OLS regression
models of the logarithms of each dependent variable.
Substantive results remain unchanged across speciﬁcations.
Causal identiﬁcation of migration effects. A key threat to identifying causal effects of migration on brand expenditure is the nonrandom selection by households into sending migrants, which
potentially could relate to their brand preferences. Bronnenberg,
Dubé, and Gentzkow (2012) assume that migration status and
the determinants of brand preferences (of the migrant) are
orthogonal. They show that migrants from a U.S. state and nonmigrants in that state are quite similar in terms of observed characteristics. However, there could be unobserved factors that
systematically affect both migration propensity and brand preferences of the sending household. For example, ﬂuctuating household debt levels could codetermine migration propensity and
brand expenditures. These time-varying unobserved factors are
not addressed through controls for household income and
could lead to biased parameter estimates. To deal with this endogeneity issue, we adopt a two-stage least squares modeling
approach (Germann, Ebbes, and Grewal 2015) with a
household-level instrument (IVi ). We specify the following ﬁrststage equation for migration propensity.
Migranti = α0 + α1 IVi + α2 Sizei + α3 Childi
+ α4 HH Incomei + α5 TVi + α6 Mobilei + δi . (2)
To be valid, the instrument should satisfy criteria of exclusion and
relevance. Exclusion implies that IVi is uncorrelated with the
error term of the main equation (ϵi ), and that E(IVi × ϵi ) = 0.
Relevance implies that the instrument is sufﬁciently highly correlated with the endogenous variable (i.e., α1 ≠0). Although the
migration literature has frequently used village- or districtspeciﬁc instruments (e.g., rainfall levels in the village, share of
urban population in the district, distance of the village from the
nearest town), we prefer household-level instruments because
they are more likely to predict household-speciﬁc migration
behavior and thus not suffer from weak instrument bias. As previously mentioned, we are able to identify the two households in
our survey that are closest, in terms of physical distance, to the
focal household. We label these households “neighbors” even
though they do not usually reside in the contiguous dwelling.
Borrowing from the literature that utilizes network information
on peers to construct instruments (e.g., Sunder, Kim, and
Yorkston 2019), we exploit this network information to create
exclusion restrictions. Our main instrument is the migrantsending status of distant households that are not neighbors of

Figure 2. Illustration of identiﬁcation of least proximate households
from focal household.

the focal household; rather, these distant households are their
neighbors’ neighbors, or further along in the network. The intuition behind our instrument strategy is that sending behavior of
distant households is correlated with the sending propensity of
the focal household, but not with the error term associated with
the brand expenditure equation of the focal household.
We identify those two households from the same village as
the focal household, that are farthest from the focal household.
In other words, we select “IV households” by maximizing the
degrees of separation from the focal household. We illustrate
this using a hypothetical example of a ﬁve-household village
in Figure 2. Households E and F are farthest from the focal
household A and serve as “IV households” for that household.
We deﬁne IVi as 0 if neither IV household has a migrant, 1 if
only one IV household has at least one migrant, and 2 if both
IV households have at least one migrant.
Conceptually, our instrument is relevant because migration
decisions across households in the same village are likely correlated due to unobserved destination-speciﬁc or village-speciﬁc
factors (e.g., the construction of a bridge 100 miles away might
encourage migration from the village). Households’ migration
decisions are affected by the sending behavior of other households
in the village (Hiwatari 2016). Migration by others in the village
reduces migration risks through the diffusion of destination-speciﬁc information about employment opportunities.
Our instrument satisﬁes the exclusion restriction because the
propensity for a distant household to send a migrant is unlikely
to be correlated with the error term in Equation 1, especially
after controlling for income, TV ownership, and mobile
phone ownership. One possibility is that the focal household
observes another household send a migrant and then observes
this household increase its brand consumption. After that, the
focal household could increase its own brand consumption
due to social effects in brand consumption. This might violate
the exclusion restriction because migrant-sending behavior of
the neighbor is correlated with brand expenditure of the focal
household. However, this phenomenon seems far less plausible
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for households that have several degrees of separation between
them than for immediate neighbors. Therefore, we expect
sending behavior of “IV households” to be uncorrelated with
the error term associated with the brand expenditure of the focal
household. Empirical evidence on the relevance and validity of
our instrument appears in Web Appendix 4. Equation 2 represents
a linear probability model. In Web Appendix 5, we show robustness to the assumption of linearity. Subsequently, we discuss the
robustness of our results to an alternative instrument.
On identifying effects of social remittances from migration. Our
study takes a ﬁrst step at quantifying the effect of social remittances from migration on a household-level outcome. Prior
quantitative research on the impact of migration has instead
focused solely on economic remittances, in the absence of
direct measures of the quantity and content of communications
between household members. Meanwhile, studies of social
remittances have typically recorded and qualitatively interpreted conversations between the migrant and the sending
households, but not the estimated impact of such remittances
econometrically. To do so, we use direct measures of economic
remittances and theoretical determinants of the quantity and
efﬁcacy of social remittances. In Equation 1, we measure the
impact of economic remittances as the coefﬁcient of the interaction of having a migrant household member and the amount of
monetary remittances received. After controlling for this economic impact, the residual effect of having a migrant member
should, at least in part, be the social remittance–based impact.
We decompose this residual effect into the theoretical determinants of the quantity and efﬁcacy of social remittances. As previously discussed, these are (1) the sending household’s
ownership of mobile phones, (2) the sending household’s viewership of television media, and (3) the recency of the migration
event. By estimating Equation 1, we test whether these determinants indeed moderate the effect of sending a migrant member
on brand expenditure after the effect of economic remittances is
accounted for. Next, we describe the estimation results.

Results
We present results of models with three dependent variables
(brand share, expenditure on branded products, and expenditure
on unbranded products). In Table 4, we present four models for
brand share (with and without moderators and with and
without instrumenting), and one model each for the two other
dependent variables (with moderators and with instrumenting).
Columns 1 and 2 show the OLS estimates for brand share, ﬁrst
without the moderator variables in Equation 1, and then with
the moderator variables. Column 3 then presents the full model
for brand share with moderators, with our instrumental variable
strategy for identifying causal migration effects. Finally,
Columns 4–6 show IV estimation results for the full model
with other dependent variables. Subsequent to presenting the
results in Table 4, we discuss the robustness of this research to
the realm of services.
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We ﬁnd positive interaction effects of migration status
and economic remittances on brand share, in support of H1
(β = .150, SE = .031, p < .01), and on brand expenditure.
However, this increase in brand share due to economic remittances is lower for households with greater income, as the interaction effect of migration status, remittances, and income is
negative. This suggests stronger remittance effects for poorer
households, in line with H2 (β = −.007, SE = .003, p < .05).
Next, we discuss migration effects due to the transmission of
social remittances. We ﬁnd positive interaction effects of migration status and mobile phone ownership on both brand share and
brand expenditure. This suggests that sending households
exchange brand-related information with migrants using
mobile phones and consequently increase brand consumption.
This leads to a greater effect of migration (after controlling
for economic remittances) on households with mobile ownership, per H3 (β = .481, SE = .240, p < .05). Our estimates of
the effects of TV viewership are in the opposite direction,
in accordance with H4. We ﬁnd negative interaction effects
of migration status and TV ownership, on both brand share
(β = −.298, SE = .106, p < .01) and brand expenditure. This
provides evidence consistent with the notion that communication from migrants about brands might be less novel for consumers who have already been exposed to similar messages
on TV. For other households, communication with their
migrants might be one of the few sources of credible information
about consumption practices outside their village. The opposing
moderating effects of TV ownership versus mobile ownership
suggest that these interaction terms are not simply capturing
the effect of unobserved household tastes for branded products
(e.g., their willingness to experiment with new products or
taste for status-enhancing products), as these variables would
be correlated to mobile and TV ownership in the same way.
The effect of sending a migrant on the brand share of the
sending household is greater if the migrant left the village
at least a year before than if the migrant migrated recently,
as we theorized in H5 (β = .192, SE = .036, p < .01). This is
consistent with greater social remittances in the long term.
We also ﬁnd, in support of H6, that after controlling for remittances, migration effects are greater in more populous villages (β = .046, SE = .021, p < .05). More populous villages
are closer to urban markets in terms of retail infrastructure,
thus providing sending household a greater opportunity to
emulate the lifestyle of its urban counterparts by consuming
more brands.
The effects of control variables are also informative. TV ownership is associated with greater brand expenditure and brand
share, providing novel evidence of the effectiveness of TV as a
tool that shapes consumer behavior in a developing economy.
Somewhat surprisingly, mobile phone ownership is associated
with lower expenditure on branded products (and greater expenditure on unbranded products). To the extent that mobile phones
connote social status in developing economies, it is possible that
they serve as substitutes for other branded products, and that
households spend less on other branded goods to purchase a
mobile phone.
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Marginal Effects of Migration on the Brand Share of the
Sending Household
Based on the following equation, we use the data and parameter
estimates from the two-stage least squares model to compute
household speciﬁc estimates of the marginal overall effect of
migration among migrant-sending households on brand share.
Margi,migrant sending = β1 + β5 Econ Remiti + β6 Econ Remiti
× HH Incomei + β7 Mobilei + β8 TVi
+ β9 Recenti + β10 Village Popi
+ β11 HH Incomei .

that the economic remittance effects are weaker than social remittance effects in our data. However, we caution against conclusive
interpretations of relative magnitudes because β7 Mobilei +
β8 TVi + β9 Recenti is only our best proxy measure of the social
remittance effect rather than a precise and complete measure.
Direct measures of social remittances would allow for more
robust estimates of this ratio.

Robustness Checks
(3)

Consistent with the migration literature, which shows both positive and negative migration effects (Table 1), we ﬁnd a high
level of heterogeneity in marginal effects across households,
with the minimum, mean, and maximum marginal effects
being −.989, −.015, and .982, respectively (histograms of
household-speciﬁc estimates appear in Web Appendix 6). This
suggests that marketers should expect large positive effects of
migration only on speciﬁc segments of migrant-sending households. In line with our parameter estimates, these are households
that receive greater economic remittances, live in more populous villages, and own mobile phones. The minimum, mean,
and maximum marginal effects for households that receive
greater than mean levels of economic remittances, own a
mobile phone, and reside in villages with above-mean population are −.143, .330, and .982, respectively. Migration produces
strong positive effects on the brand share of such households.
Next, we compute the marginal effect of economic remittances by estimating the effect of receiving 1,000 Rs. of economic
remittances on the brand shares of households. This is given by
β5 + β6 HH Incomei . The minimum, mean, and maximum marginal effects of economic remittances across all households that
receive remittances are −.025, .079, and .147, respectively, with
smaller marginal effects for households with greater income.
The marginal effect on brand share at the mean value of
monthly household income is .085 (SE = .015, t = 5.484), and
this increase of 8.5 percentage points is signiﬁcantly different
from zero at the 1% level.
Finally, we compute the marginal effect of social remittances
on brand share as β7 Mobilei + β8 TVi + β9 Recenti . As discussed
previously, the ownership of mobile phones and TV and the
recency of migration serve as reasonable proxies across which
we expect social remittances to vary. Because all three measures
are binary, the marginal effect takes eight levels, with the
minimum, mean, and maximum marginal being −.298, .359,
and .673, respectively. The marginal effect of social remittances
on brand share at the mean values of the three variables is .313
(SE = .047, t = 6.716), which is again signiﬁcantly different
from zero at the 1% level. To compare the social remittance
effect with the economic remittance effect, we take the ratio of
the economic remittance effect and the social remittance effect,
i.e., β5 + β6 HH Incomei )/(β7 Mobilei + β8 TVi + β9 Recenti ). At
mean values of these variables, this ratio is .224, suggesting

Robustness to expenditure on branded services. Our conceptual
framework is based on how economic and social remittances
from migration alter sending households’ preferences and
ability to afford brands. So far, we have provided evidence
showing how sending migrants leads to increased brand share
and brand expenditure of goods. We estimate the effect of migration on monthly household expenses for children’s private
schooling, a type of “branded” service. As mentioned previously,
we collected data on households’ monthly expenditures on their
children’s private and government school fees. Details of our
measures, speciﬁcation, and results appear in Web Appendix 7.
We ﬁnd strong evidence supporting our hypotheses.
Robustness to an alternate instrument. We leverage varying participation by households in a rural employment program to construct an alternative instrument for migration. In 2005, the
Indian government passed the Mahatma Gandhi Employment
Guarantee Act, aimed at enhancing rural income by providing
at least 100 days of wage-based employment in a year, to
every household whose adult members volunteer for manual
work. As one of the largest employment generation schemes
globally, this scheme has been rolled out to all rural districts
in India.6 One of the objectives of this scheme is to curb outmigration of workers from rural to urban areas by ensuring greater
local employment opportunities (Das 2011). Indeed, participation in this scheme has been found to negatively impact migration from villages, especially short-term migration (Imbert and
Papp 2020). In our survey, we ask each household the
number of days of employment received in the past year
under this scheme. Consistent with previous research, we ﬁnd
a negative correlation (−.28, p < .01) between the number of
days of employment received by household i and Migranti .
Therefore, this serves as a relevant instrument.
In terms of the exclusion restriction, this scheme is targeted at
relatively poorer sections of rural society and pays minimum
wages. Thus, income from this scheme is perhaps more likely
to be used for fulﬁlling basic necessities than for buying expensive brands. Another possibility of how this scheme might affect
brand expenditure is if brand marketers allocate resources across
villages based on the implementation of this scheme (e.g., a marketer could make a brand available only in those villages where
this scheme has been implemented for at least three years).
Village-level ﬁxed effects control for that possibility.
6

See https://orcid.org/0000-0001-7230-3084.
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Table 3. First-Stage Regression of Migration Status on Instrument and Household Characteristics.

Instrument

Model 1

Model 2

Migration status of distant households

Number of days of employment
from employment scheme

.408*** (.044)
.002 (.016)
−.028 (.026)
.011* (.006)
−.099* (.055)
.072 (.070)
.25
5.35***
.08
1.51*
28.06***
28.13***

−.258*** (.041)
.023* (.017)
−.039 (.027)
.014** (.006)
−.089 (.059)
.054 (.074)
.17
3.23**
.08
1.51*
12.37***
11.90***

Coefﬁcient of instrument
Sizei
Childi
HH_Incomei
TVi
Mobilei
R2
F-statistic
R2 (without instrument)
F-statistic (without instrument)
Anderson–Rubin statistic for test of weak instrument
Cragg–Donald Wald F-statistic for test of weak instrument

*p < .1.
**p < .05.
***p < .01.
Notes: Village_Popi refers to the population (in thousands) of the village in which the focal household resides; HH_Incomei is in thousands of rupees. All models
incorporate village-speciﬁc ﬁxed effects and are based on Equation 2. The instrument in Model 1 is the migrant-sending status of the two households in the same
village who are located farthest from the focal household. The instrument in Model 2 is the number of days of employment received by the sending household, in the
past year, in a rural employment scheme.

Importantly, because we control for household income from all
sources, we account for potential increase in brand expenditure
(and brand share) due to increased income from this scheme.
Indeed, the coefﬁcient of this instrument, when employed as an
additional covariate in Equation 1, is not signiﬁcant (M = .11,
SE = .38), suggesting that this instrument satisﬁes the exclusion
restriction. We estimate the two-stage least squares model with
this instrument for each of the three dependent variables.
Results (Table 5) are quite similar to those obtained with the ﬁrst
instrument and show that our results are robust to the choice of
instruments. First-stage regression estimates appear in Table 3.
Robustness of estimates of social remittance effects. We provide a
robustness check to support our assertion that social remittances
from migration inﬂuence brand expenditure. Speciﬁcally, we
consider a subset of households that should, in theory, receive
a negligible amount of social remittances. We then demonstrate
that for this subset of households, our moderation hypotheses
speciﬁc to social remittances do not hold, whereas our moderation hypotheses speciﬁc to economic remittances do. Details
appear in Web Appendix 8. In addition to these robustness
checks, we replicate our results through a new study that
relies on within-household differences in brand expenditure to
identify migration effects.

Study 2
Identiﬁcation of migration effects in the ﬁrst study relied on differences in brand expenditure across households of different
migration status. Our objective in this study is to identify migration effects based on within-household differences. This helps

us rule out the possibility of our results being affected by unobservable differences between sending and nonsending households. For this purpose, we survey 300 migrant-sending
households and collect two observations from each household:
before migration and after migration. The former observation is
collected as retrospective recall of premigration baselines.
Identiﬁcation then relies on within-household differences in
brand expenditure following the migration event. Two observations per household enable us to control for unobserved
household-speciﬁc characteristics.
In this survey, Kantar sampled three states (Bihar, Jharkhand,
and Uttar Pradesh) that are known to have high rates of rural–
urban migration. They have a combined population approximately equal to that of the United States. Kantar then sampled
six districts within each state, and three to four villages within
each district, leading to a total of 62 villages. There were no overlaps with the villages sampled in the ﬁrst study. Kantar maintains
an active database of mobile phone numbers and names of heads
of thousands of households across rural India. For each sampled
village, Kantar ﬁeld personnel randomly selected several
respondents from this database and conducted telephone
surveys in August 2020. This study is conﬁned to households
sending economic migrants. Kantar ensured that at least 4
sending households were surveyed from each village, leading
to a total sample of 300 households. Ofﬂine surveys were not feasible due to the COVID-19 pandemic. Given the high penetration
of mobile phones in rural India and low penetration of
internet-enabled devices, telephone surveys are widely regarded
as being more representative than online surveys.
For cost considerations and potential respondent fatigue, we
followed Kantar’s recommendation to restrict the survey to ten
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.279** (.056)
.007** (.004)
.098*** (.028)
.028
(.045)
N.A.
N.A.
N.A.
N.A.
N.A.
N.A.
N.A.
.002
(.009)
−.036*** (.014)
.060
No

Brand share
.078
(.101)
.010* (.006)
.141*** (.046)
.087
(.065)
.083*** (.019)
−.002** (.001)
.134* (.082)
−.106* (.054)
.189*** (.028)
.045** (.015)
.010* (.006)
−.010
(.008)
−.003 (.012)
.308
No

Brand share

Model 2

.281*** (.061)
−.000
(.004)
−.005
(.032)
−.046
(.040)
N.A.
N.A.
N.A.
N.A.
N.A.
N.A.
N.A.
−.020** (.000)
.020 (.015)
.282
Yes

Brand share

Model 3
Exp. on branded products
−32,103** (14,154)
−422.0 (275.5)
5,302*** (1866)
−5,604** (2,833)
2,478*** (781.2)
−127.1** (63.13)
7,689* (4,604)
−4,083** (2,023)
2,763*** (705.9)
4,546** (1,874)
765.4* (408.7)
184.2
(215.5)
12.98 (323.7)
.250
Yes

−1.901** (.739)
−.027* (.014)
.271*** (.097)
−.308** (.148)
.150*** (.031)
−.007** (.003)
.481** (.240)
−.298*** (.106)
.192*** (.036)
.238** (.098)
.046* (.021)
.001
(.011)
.003
(.017)
.552
Yes

Model 5

Brand share

Model 4

13,794** (5432)
396.8*** (105.7)
−574.6
(716.0)
3,172*** (1,087)
−979.2** (299.8)
61.49** (24.22)
−4,515.8** (1,766.8)
932.7
(776.2)
−1,129.7*** (270.9)
−1,426.0** (719.1)
−420.0** (156.8)
112.3
(82.7)
−236.1** (124.2)
.783
Yes

Exp. on unbranded products

Model 6

*p < .1.
**p < .05.
***p < .01.
Notes: Migranti is 1 if the household has a migrant member, 0 otherwise; Econ_Remiti = mean remittances received by the household per month, in thousands of rupees; Village_Popi = the population (in thousands)
of the village in which the household resides; HH_Incomei is in thousands of rupees; N.A. = not applicable. All models incorporate village-speciﬁc ﬁxed effects. Recenti = 1 if migrant left household over one year
ago and 0 otherwise. The dependent variable is brand share for Models 1–4, expenditure on branded products for Model 5, and expenditure on unbranded products for Model 6. In any model, variables
corresponding to cells marked “N.A.” were not included in the model. The instrument in all models is the migrant-sending status of the two households in the same village that are farthest from the focal household.

Migranti
HH_Incomei
TVi
Mobilei
Migranti × Econ_Remiti (H1)
Migranti × Econ_Remiti × HH_Incomei (H2)
Migranti × Mobilei (H3)
Migranti × TVi (H4)
Migranti × Recenti (H5)
Migranti × Village_Popi (H6)
Migranti × HH_Incomei
Sizei
Childi
R2
Instrument for migration

Dependent variable

Model 1

Table 4. Effects of Migration on Brand Share, Expenditure on Branded Products, and Expenditure on Unbranded Products (with Network-Based Instrument).

76

Journal of Marketing 85(6)

Table 5. Effects of Migration on Brand Share, Expenditure on Branded Products, and Expenditure on Unbranded Products (with Instrument
Based on Employment Policy).

Dependent variable
Migranti
HH_Incomei
TVi
Mobilei
Migranti × Econ_Remiti (H1)
Migranti × Econ_Remiti × HH_Incomei (H2)
Migranti × Mobilei (H3)
Migranti × TVi (H4)
Migranti × Recenti (H5)
Migranti × Village_Popi (H6)
Migranti × HH_Incomei
Sizei
Childi
R2
Instrument for migration

Model 1

Model 2

Model 3

Brand share

Exp. on branded products

Exp. on unbranded products

−1.713***
(.645)
−.023*
(.013)
.251***
(.087)
−.275**
(.013)
.141***
(.037)
−.006**
(.003)
.423**
(.212)
−.276***
(.095)
.188***
(.034)
.214**
(.086)
.041**
(.019)
−.001
(.010)
.004
(.011)
.592
Yes

−32,105**
(12,927)
−420.5
(257.2)
5,292***
(1,758)
−5,588**
(2,647)
2,474***
(733.0)
−126.8**
(60.04)
7,689*
(4,256)
−4,072**
(1,906)
2,760***
(691)
4,535**
(1,722)
763.0**
(377.5)
183.8
(211.8)
13.36
(322.0)
.393
Yes

10,510**
(4,518)
340.7***
(89.9)
−219.9
(614.5)
2,560***
(925.3)
−815.7**
(256.2)
50.44**
(20.98)
−3,517**
(1,487)
549.0
(666.3)
−1,049.9***
(241.6)
−1,004.5*
(601.7)
−330.8**
(131.9)
134.2*
(74.0)
−253.2**
(112.5)
.821
Yes

*p < .1.
**p < .05.
***p < .01.
Notes: Migranti is 1 if the household has a migrant member, 0 otherwise; Econ_Remiti = mean remittances received by the household per month, in thousands of
rupees; Village_Popi = the population
(in thousands) of the village in which the household resides; HH_Incomei = in thousands of rupees. All models incorporate village-speciﬁc ﬁxed effects. Recenti = 1 if
migrant left household over one year ago and 0 otherwise. All three models have the same covariates. The dependent variable for each model appears in the ﬁrst
row. The instrument in all models is the number of days of employment received by the sending household, in the past year, in a rural employment scheme.

minutes per respondent. For this reason, we focused solely on
testing our six hypotheses, with a simple before-and-after
research design. In addition to collecting data on all moderators in Equation 1 (household income, village population,
TV ownership, recency of migration, and monthly remittances)
and controls (household size and whether the household has
children), Kantar ﬁrst asked respondents to recall household
expenditure on branded and unbranded products in January
2020 (the last month unaffected by the COVID-19 pandemic).
Next, Kantar asked respondents to recall household expenditure on branded and unbranded products in a typical month
prior to the date when the migrant left their household.
Finally, Kantar collected data on the time when the migrant
left the household, the household size before the migration
event, and the household income in a typical month prior to
migration. Because all households in this survey own a

mobile phone, we do not estimate the effect of mobile
phone ownership.
Consistent with the empirical strategy for the ﬁrst study, we
specify the following random-effects regression model for each
of the three dependent variables.
yis = β0 + β1 Postis + β2 HH Incomei + β3 TVi + β4 Postis
× Econ Remiti + β5 Postis × Econ Remiti
× HH Incomeis + β6 Postis × TVi + β7 Postis × Recenti (4)
+ β8 Postis × Village Popi + β9 Village Popi
′

+ xis γ + αi + ϑd + ϵis ,
where Postis (1 if observation s for household i is post
migration and 0 otherwise) is the treatment indicator (before or
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Table 6. Effects of Migration on Brand Share, Expenditure on Branded Products, and Expenditure on Unbranded Products (Identiﬁcation
Using Within-Household Differences).

Dependent Variable
Posti
HH_Incomei
TVi
Posti × Econ_Remiti (H1)
Posti × Econ_Remiti × HH_Incomei (H2)
Posti × TVi (H4)
Posti × Recenti (H5)
Posti × Village_Popi (H6)
Sizei
Childi
Village_Popi
R2

Brand Share
(Model 1)

Exp. on Branded
Products
(Model 2)

Exp. on Unbranded
Products
(Model 3)

.008
(.014)
−1.94 × 10−7
(8.10 × 10−7)
.037*
(.020)
2.57 × 10−6***
(.33 × 10−6)
−3.15 × 10−8
(2.81 × 10−8)
−.113***
(.009)
.058***
(.012)
.009***
(.002)
−.001
(.003)
.011
(.027)
−.004
(.004)
.352

−1,233.0
(805.9)
.032
(.039)
646.8
(586.3)
.12***
(.02)
−.002
(.002)
−3,891.9***
(555.4)
1,733.0**
(618.1)
4,886.3***
(114.7)
179.1**
(85.1)
701.8
(689.8)
−95.9
(126.9)
.392

283.3**
(103.8)
.006
(.006)
975.5**
(337.2)
.002
(.002)
.000
(.002)
10.4
(56.7)
64.3
(78.2)
23.5**
(11.7)
370.0***
(55.5)
−184.2
(455.3)
−37.0
(74.8)
.392

*p < .1.
**p < .05.
***p < .01.
Notes: Posti is 1 if observation pertains to post migration period and 0 otherwise; Econ_Remiti = mean remittances received by the household per month, in thousands
of rupees; Village_Popi = the population
(in thousands) of the village in which the focal household resides; HH_Incomei is in thousands of rupees; Recenti = 1 if migrant left HH over one year ago and 0
otherwise. All models incorporate district-speciﬁc ﬁxed effects and household-speciﬁc random effects. Brand share is the dependent variable for Model 1, expenditure
on branded products is the dependent variable for Model 2, and expenditure on unbranded products is the dependent variable for Model 3.

after). The coefﬁcient of Postis × Econ Remiti captures the main
effect of economic remittances (H1). The coefﬁcients of
Postis × TVi , Postis × Village Popi , and Postis × Recenti capture
the moderating effects of TV ownership, village retail infrastructure, and recency of migration, respectively, after controlling for
remittances. Given the small number of households per village,
we replace village ﬁxed effects with district ﬁxed effects ϑd
and control for village population. In another speciﬁcation, we
included ﬁxed effects for the month and year when the migrant
left the village. None of these ﬁxed effects were statistically signiﬁcant, alleviating concerns about time-varying unobservables
that might affect brand expenditures. Household-speciﬁc
random effects (αi ∼ N(0, σ 2 )) control for unobserved household
characteristics. Summary statistics appear in Web Appendix 9.
Parameter estimates of models of brand share, brand expenditure, and expenditure on unbranded products appear in
Table 6. Consistent with the ﬁrst study, we ﬁnd positive moderating effects of remittances, village retail infrastructure (proxied
by population), and less recent migration on brand expenditure
and brand share. We ﬁnd a negative effect of TV ownership.

The three-way interaction between the treatment indicator,
remittances, and income is not signiﬁcant (perhaps because of
the small sample size of this study) but in the hypothesized
direction. In summary, we ﬁnd strong evidence supporting
our hypotheses using data collected in from different villages
and relying on intrahousehold variations for identiﬁcation.

Discussion and Implications
Our research offers several actionable insights for brand managers interested in the allocation of marketing resources across villages in India and for household-level targeting decisions within
villages. We also offer insights to managers and policy makers
interested in increasing adoption of brand services, such as
private school education, in rural settings.

Implications for Brand Marketers
Allocation of marketing resources to villages. Allocation of resources across 650,000 villages is not easy, especially given the
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Table 7. Improving Sales Force Allocation by Incorporating Migration Information.

Village
A
B
C
D
E
F
G
H
I

Predicted
Brand Exp.a
(B1)

Sales Force
Days Based
on B1 (O)

Predicted
Brand Exp.a
(B2)

Sales Force
Days Based on
B2 (P)

Population
(L)

Household-Level
Brand Exp.a
(from Study) (M)

Optimal
Sales Force
Days (N)

Data:
Baseline

Data:
Baseline

Data: Baseline
and Migration

Data: Baseline
and Migration

2,000
2,500
4,000
1,500
1,000
1,300
3,000
3,500
4,000

1,743
3,940
348
2,028
633
3,474
4,972
4,949
198

13
36
5
11
2
16
54
63
3

1,128
2,025
2,043
1,273
174
1,328
2,638
2,012
1,674

8
18
30
7
1
6
29
26
24

1,035
3,267
996
640
299
1,800
5,031
4,997
883

8
30
15
3
1
9
55
64
13

a

Per household, in rupees.
Notes: All sales force days pertain to monthly allocations; village names have not been shared to protect the privacy of respondents; optimal sales force days (N) for a
village are the village-level brand expenditure (based on population and household-level brand expenditure) divided by 50,000. The prediction of brand expenditure
using baseline data (B1) is based on income, TV ownership, phone ownership, population, household size, and number of children in the household. Sales force
allocation based on baseline data (O) is given by (B1 × village population/5.49 × 50,000), rounded to the nearest integer. Next, to quantify the value of migration
data, we predict household-level brand expenditure using both the baseline data and our migration data (i.e., all variables in Equation 1). Sales force allocation based
on this “baseline and migration” data (P) is given by (B2 × village population/5.49 × 50,000), rounded to the nearest integer. Mean absolute data (MAD) with
“baseline data” (the mean of the absolute difference between the sales force days allocated to a village based on baseline data and optimal sales force days allocated to
that village) is 16.2 days. MAD with “baseline and migration data” is 5.4 days. This represents an improvement (i.e., decrease) in MAD of 66% due to usage of
migration data in the allocation of sales force days. Further details appear in Web Appendix 10.

historically low levels of brand consumption and lack of
knowledge about what might increase it. Our conversations
with several marketing managers who focus on rural Indian
markets conﬁrmed that resource allocation is usually based on
village population and household income; both statistics are
available at the village level from census reports. Collection of
migration data is seen as costly and time consuming, with no
clear beneﬁts prior to our research. We now estimate the
improvement in the effectiveness of resource allocation if marketers collect and incorporate migration data into their resource
allocation process.
Consider a common resource-allocation task in which a marketing manager has a limited sales force and is trying to decide
the number of “sales force visit days” to allocate to each village
in a geographical market for the purpose of demand generation,
improving in-store visibility of branded products, taking orders
from retailers, and so on. For this purpose, the manager estimates the monthly expenditure on branded products in each
village and allocates one sales force visit day per month for
every 200,000 Rs. of brand expenditure. Table 7 shows the allocation of sales force days for a market of nine such randomly
selected villages in our data. In column 4, we compute the
“optimal” allocation based on the actual household-level
brand expenditure from our study (multiplied by the village
population, and then divided by 200,000). However, these
data are not available to marketers, so they need to predict it.
Next, we predict household-level brand expenditure using
Equation 1, based on the following “baseline” data from our
study that are not related to migration. We note that these

“baseline” data closely resemble the data a typical marketing
manager might have. We estimate our model using baseline
data from households in the remaining ten villages (i.e., those
not in the aforementioned set of nine villages) and then make
out-of-sample predictions of brand expenditure for all households
in the nine villages (see Table 7). Drawing on these estimates, we
report village-level sales force day allocations under the same allocation policy. Next, we repeat this exercise, except we predict
brand expenditure using both the baseline data and our migration
data (i.e., all variables in Equation 1). We again make
out-of-sample predictions for nine villages and report village-level
sales force day allocations using the “baseline and migration”
data.
We ﬁnd that the MAD in the number of sales force days allocated per village under the “optimal” allocation and allocation
based on “baseline” data is 16.2 days. In contrast, the MAD
in the number of sales force days allocated per village under
the “optimal” allocation and allocation based on “baseline and
migration” data is 5.4 days. This represents an improvement
(i.e., decrease) in MAD of 66%. In other words, using migration
data for predicting brand expenditure leads to better resource
allocation, even when primary data on household descriptors
other than household income (e.g., TV ownership) are available.
Further details appear in Web Appendix 10. The purpose of this
analysis is illustrative, as brand managers are more likely to
base resource allocations on predicted expenditure on their
own brand, as opposed to branded expenditure of all products.
However, it underlines the opportunity for major improvements
in resource allocation with simple migration descriptors.
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Although the beneﬁts of employing migration data are clear,
the costs of collecting such data at the household level can be
high. Yet, there are several reasons why this might be a worthy
marketing investment. First, given the high correlation in migration choices within a village (due to supply-side factors) and
within a household over time, a one-time survey of migration
choices can be used to predict migration status over a long
horizon. Second, data on migration status are available at the district level from census reports. This can serve as a starting point
for identifying the villages to be surveyed. Third, given the high
penetration of mobile phones in rural India, telephone surveys are
a cheaper alternative to door-to-door surveys.
Intravillage targeting of households. In recent years, business
models of female entrepreneurs selling branded products
door-to-door to rural households have received increased attention
from marketing practitioners and development researchers (Dolan
2012). Increasing the effectiveness of such entrepreneurs is useful
not just to meet business objectives but also to alleviate poverty
(Dolan and Scott 2009). Our results suggest that when selling to
households within a village with similar income levels, these
entrepreneurs can be more successful if they target households
that have sent migrants in the distant past and own a TV. In informal conversations with rural residents, we found that this information about other households is easy to gather and is often publicly
known within the village. It is also less sensitive to gather than
information on household income.
To illustrate the differences in brand expenditure across
households within a village, we present a dashboard (see
Table 8) of predicted monthly brand expenditure for a representative village for 20 segments of households. These segments
differ in their migrant-sending characteristics, remittance receiving characteristics, mobile phone ownership, and TV ownership.
Although some of these predictions are based on small sample
sizes, our dashboard demonstrates large differences in brand consumption across segments. This suggests different rationales and
approaches to targeting different segments of households: for
example, segments containing households that recently sent
migrants may be less attractive for targeting in the short term
but critical for long-term brand education and loyalty cultivation.
Given the low education levels of rural sales entrepreneurs,
brand managers can create such selling aids similar to Table 8
to guide them in terms of which households to focus their
time on, for the highest sales effectiveness.
As migrant-sending households that receive more remittances spend more on brands, one way to target such
households could be to advertise and promote brands through
well-established remittance channels such as public banks,
informal banks, credit cooperatives, and microcredit institutions. Information on such channels can be readily obtained
from village elders and migrant-sending households.

Implications for Education Marketers and Policy Makers
While we only study the impact of migration on adoption of
private schooling (a branded service) as a robustness check,
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Table 8. Sales Guides Predicting Brand Expenditure Using Migration
Information.

Migration Type

Remittance
Type

No migration
Migrant left 3–12
months ago
Migrant left over a
year ago

N.A.
High
Low
High
Low

TV
Ownership

Mobile
Phone
Ownership

Yes

No

Yes

2,449
1,073
605
7,744
2,530

1,020
2,612
503
3,108
1,008

No

1,487
848
1,805 2,076
564
549
6,018 9,037
1,337 3,900

Notes: N.A. = not applicable. Each cell contains the predicted brand expenditure
for households in that cell. For example, for all households that receive “low”
remittances, have a migrant who left over a year previous, and own a TV, the
predicted brand expenditure is 2,530 Rs. High remittance exceeds the median
value of 917 Rs. per month.

the societal importance of improving education quality
drives us to discuss some unique implications of our results
for education marketers and policy makers. Beyond investing
in villages with high income levels, managers of rural private
schools should consider investing in areas with high incidence of long-term migration (i.e., migrants who have left
the village over a year ago) and high levels of remittance
receipts. This could mean opening more schools in such
areas and/or allocating more teaching and monetary resources to existing schools in such areas. Policy makers could
do better by targeting education subsidies at households not
sending migrants or those that have recently sent migrants.
Much of the economic migration from rural India is short
term (Imbert and Papp 2020). Such households are much
less likely to send their children to private schools. Less
recent migrants are more likely to be female, older, of
upper castes, and with more education (Kumar and
Viswanathan 2012). We are unaware of targeting decisions
in any industry in rural India that systematically consider
the heterogeneity in types of migration.

Implications for Theory
Migration effects on the behavior of the sending household have
typically been studied using the cost–beneﬁt framework,
wherein economic remittances constitute the major beneﬁts.
We extend this framework on the beneﬁts side to jointly study
the effects of both economic remittances and social remittances.
We ﬁnd that social remittance effects on brand share are large,
statistically signiﬁcant, and comparable to economic remittance
effects. This underlines the importance of adopting a broader
framework for understanding migration as a shock that combines monetary beneﬁts with changes in household behavior
through exposure to different products, brands, lifestyles, and
values of the migrant destination.
Our research also has implications for the theory of consumer
socialization. TV viewing increases consumers’ aspirations for
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products, services, and lifestyles featured on TV. Our ﬁnding of a
negative moderating effect of TV ownership on brand expenditure suggests that migration and TV viewing might be competing
channels for consumer socialization in developing markets.
Future research analyzing speciﬁc content of conversations
with migrants and TV programs could help us better understand
complementarities and substitutions across these two channels.
Furthermore, the positive role of mobile phone ownership in
enhancing migration effects suggests that consumer socialization might accelerate as the cost of mobile phone ownership
decreases. However, it is possible that with increasing use of
mobile phones to view online content, social remittances
from migrants will not remain sufﬁciently novel to alter consumption of the sending household. Finally, our ﬁnding that
migration effects are stronger in more populous villages suggests that a comprehensive framework of studying migration
effects should consider the retail environment of the sending
household and the role of marketers’ decisions in shaping
that environment.

Conclusion
This research is the ﬁrst attempt to study how migration
affects brand expenditure. In focusing on this key outcome for
marketers, we contribute to scholarship on migration by econometrically identifying effects of both economic and social remittances. In addition, we generate insights for marketing
academics and practitioners on how preferences for branded
products develop among the poorest consumers in the world,
and how information on their migration can be leveraged by
ﬁrms to make better targeting decisions.
As such, our ﬁndings are neither comprehensive nor without
limitations. Collecting high-quality data from rural markets is
costly and time consuming. Consequently, we restricted our
data collection efforts to two surveys across three states in
India. Future research should assess the robustness of our ﬁndings across different rural communities, both within and
outside India. In addition, exploring how migration affects
household expenditure at a category level can lead to more speciﬁc insights at a product-market level. The impact of internal
migration on the attitudes of the migrant-sending households
toward status-enhancing opportunities could also be explored.
Remittance effects on brand expenditure could partly be driven
by lowering of ﬁnancial liability levels of the sending household;
income controls might not fully capture that. From a measurement standpoint, we employ a binary measure of recency of
migration. A continuous measure might aid in identiﬁcation of
potentially nonlinear effects of recency. Our research illustrates
that migration without economic remittances can still have significant impact on the consumption behavior of sending households
through social remittances. Measuring social remittances directly
in these communities remains challenging, presenting opportunities for future studies. Finally, given the paucity of research on
migration without economic remittances, future studies could
explore whether this type of migration inﬂuences poverty and
inequality in sending communities.
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